Elect. Comm. in Probab. 15 (2010), 346-364

ELECTRONIC
COMMUNICATIONS
in PROBABILITY

CENTRAL LIMIT THEOREM FOR TRUNCATED HEAVY TAILED BA-
NACH VALUED RANDOM VECTORS

ARLJIT CHAKRABARTY[]
Department of Mathematics, Indian Institute of Science, Bengaluru - 560012, India
email: arijit@math.iisc.ernet.in

Submitted May 31, 2010, accepted in final form August 19, 2010

AMS 2000 Subject classification: Primary 60F05; Secondary 60B12
Keywords: heavy tails, truncation, regular variation, central limit theorem, probability on Banach
spaces

Abstract

In this paper the question of the extent to which truncated heavy tailed random vectors, taking
values in a Banach space, retain the characteristic features of heavy tailed random vectors, is
answered from the point of view of the central limit theorem.

1 Introduction

Situations where heavy-tailed distributions is a good fit, and at the same time there is a physical
upper bound on the quantity of interest, are common in nature. Clearly, the natural model for
phenomena like this is a truncated heavy-tailed distribution - a distribution that matches a heavy-
tailed one till a specified limit and after that it decays significantly faster or simply vanishes. This
leads to the general question: when can the upper bound be considered to be large enough so that
the effect of truncating by that is negligible? The first attempt at answering this question, in finite
dimensional spaces, was made in [[Chakrabarty and Samorodnitsky, 2009]. In the current paper,
the investigation started by that paper has been continued to achieve similar results in Banach
spaces.

Suppose that B is a separable Banach space and that H,H;,H,, ... are B-valued random variables
in the domain of attraction of an a-stable random variable ¥ with 0 < a < 2. This means that
there are sequences a, and b,, so that as n — oo,

b1 (ZHj—an) = . (1.1)
j=1

We assume that the truncating threshold goes to infinity along with the sample size, and hence we
essentially have a sequence of models. We denote both - the sample size and the number of the
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model by n, and the truncating threshold in the n-th model by M,,. The nth row of the triangular
array will consist of observations X,,;, j = 1,...,n, which are assumed to be generated according
to the following mechanism:

nj»

H;

X, :=H;1(|IH;ll < M,) + T

(M, + L)1 (I, > M,) , (1.2)

j=1,...,n,n=1,2,.... Here (L,L;, L,,...) is a sequence of i.i.d. nonnegative random variables
independent of (H, Hy,H,,...). For each n = 1,2,... we view the observation X,;, j = 1,...,n as
having power tails that are truncated at level M,. The random variable L can be thought of as to
model that outside the ball of radius M,,, the tail “decays significantly faster or simply vanishes”.
L is assumed to have finite second moment.

In [[Chakrabarty and Samorodnitsky, 2009]] two regimes depending on the growth rate of M,, and
the tail of the random variable H were introduced as follows: the tails in the model are said

to be
truncated softly if lim,_,,, nP (||H|| > M,) =0,

truncated hard  if lim,_,, nP (||H|| > M,) = c0. (1.3)

It was shown in that paper that as far as the central limit behavior of the row sum is concerned,
observations with softly truncated tails behave like heavy tailed random variables, while obser-
vations with hard truncated tails behave like light tailed random variables. In Theorem the
main result of this paper, we show that the result under hard truncation can be extended to Banach
spaces, if the “small ball criterion” holds. Doing this is not straightforward because of the following
reason. While in finite-dimensional spaces, convergence in law is equivalent to one-dimensional
convergence of each linear functional in law to the linear functional evaluated at the limit, the
same is not true in Banach spaces. In the latter spaces, one needs to check in addition some tight-
ness conditions; see for example, [Ledoux and Talagrand, 1991]] or [Araujo and Giné, 1980]] for
details.

Section [2| contains the results and their proofs. A couple of examples are studied in Section [3|-
one where the hypothesis of Theorem can be checked, and the other where the claim of that
result does not hold. The examples serve the purpose of showing that there is a need for such a
result, and that the result has some practical value.

2 A Central Limit Theorem for truncated heavy-tailed random
variables

The triangular array {X,; : 1 < j < n} is as defined in (1.2). We would like to know if the row
sums S, defined by

n
Sui= Y Xy, .1
=1

still converge in law after appropriate centering and scaling. Exactly same arguments as those in
the proof of Theorem 2.1 in [[Chakrabarty and Samorodnitsky, 2009]] show that if the truncated
heavy-tailed model is in the soft truncation regime as defined in (1.3)), then

b (S, —a)= 7.

In other words, from the point of view of central limit behavior of the partial sums, the truncated
heavy-tailed model retains much of the heavy-tailedness. Hence, we shall assume throughout that
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the model is in the hard truncation regime, i.e.,

lim nP(||H|| > M,,) = . (2.2)
n—o0

As mentioned earlier, easy-to-check criteria for satisfying the Central Limit Theorem on Banach
spaces are not known. An example of the not-so-easy-to-check ones is Theorem 10.13, page 289 in
[Ledoux and Talagrand, 1991, known as the “small ball criterion”. The main result of this paper,
Theorem [2.1} is an analogue of this theorem in the truncated setting under hard truncation. But
before stating that, we need the following preliminary. It is known that implies that there is
a probability measure o on

& ={x€B:|x||=1}

H
P|—€-
IHl

weakly on &; see Corollary 6.20(b), page 151 in [JAraujo and Giné, 1980].

such that as t — o0,

IH| > t) 40 (2.3)

Theorem 2.1. There is a Gaussian measure y on B such that
B, (S, —ES,) =7y (2.4)
if and only if the following hold:
1. (small ball criterion) For every € > 0

liminf P(B, (IS, — ES,|l <€) >0,

2. sup,s B 'E||S, — ES,|l < o,

where
1/2
B, := [nMZP(|H| > M,)] .

In that case, the characteristic function of y is given by

7 = exp (—%f fz(s)a(ds)) fen. @3
S

Here, B’ is the dual of B, the space of linear functionals on B.

For the proof, we shall need the following one-dimensional lemma, which follows by exactly simi-
lar arguments as those in Theorem 2.2 of [[Chakrabarty and Samorodnitsky, 2009]], and hence we
omit the proof.

Lemma 2.1. For every f in B,

B (F(5) ~ Ef(5,) = N (o, =l fZ(S)O(dS)) .
=]
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Proof of Theorem[2.1] First we prove the direct part, i.e., we assume that 1. and 2. hold. We first
show that it suffices to check that {¥(Z,)} is relatively compact where

n
Z, = B;'Y Y.,
j=1
Yy = Xn—Xp;

and for every n, X/,,X/,,... are i.i.d. copies of X, so that (Xr’lj :j=1)and (X,;:j > 1) are
independent families. To see this, suppose that we have shown that {£(Z, )} is relatively compact.
By Corollary 4.11, page 27 in [[Araujo and Giné, 1980], it follows that the sequence {¥ (B;lsn)}
is relatively shift compact, i.e., there exists some sequence {v,} C B such that {.55(3;15,1 —v)}
is relatively compact. By Theorem 4.1 in de Acosta and Giné (1979), for relative compactness of

{<£[B; (S, — ES,)1}, it suffices to check that

tlim limsupnE [||U,|[1(|U,ll > t)] =0, (2.6)
where o
U, =B [Hl(an < M)+ T 4, + D] > Mn))} . @

By (2.2), it follows that B,, > M,,. Thus, for fixed ¢t > 0 and n large enough,
nE [|U 111U, 1l > )]

=nB'P(|H|| > M,) {M,P(L > B,t —M,)+E [L1(L > B,t —M,)]} .

Since EL? < 00,

E(L?)
E[L1(L>B,;t—M,)] < —F—
B,t — M,
and
M,P(L>B,t —M,) < LELzzo(B*)
" " T (Bt — M,,)? "

as n — oo. Thus, for all fixed t > 0,

lim n [[|U, 11010, > ©)] =0, (2.8)

This shows and hence that {£[B, (s, —ES,)]} is relatively compact. In view of Lemma
this will complete the proof of the direct part.

First we record some properties of the random variables defined above, which shall be used in the
proof. The hypotheses immediately imply that for all € > 0

liminfP(||Z,]| <€) >0 2.9
n—.oo
and that
supE||Z,|| < co. (2.10)
n>1

Let {F,} be any sequence of increasing finite-dimensional subspaces so that

closure (U Fk) =B. (2.1D)

k=1
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For any subspace F of B, denote by Ty the canonical map from B to the quotient space B/F. By
Corollary 6.19 (page 151) in [Araujo and Giné, 1980], it follows that for every k, Ty, (H) is in the
domain of attraction of some a-stable law with the same scaling constant (b,,) as that of H, and
that
lim supnP (|| Ty, (H)|| > b,) =0. (2.12)
k=00 p>1

Clearly, for every k, there is C;, € [0, 00) so that as t — o0,
P(IT; (DIl > t) ~ G P([IH]| > ).
It follows by (2.12) that lim,_,, C; = 0. Note that,

ElITg, (Xo)IP
E [IITs, BDIPA(E < M,)]

B 2
+E _%(MH)H(HHH > Mn)}
< B [T, (DIP (I, DIl < M) ]
B 2
+E %I(IIHII > Mn)} E(M,+L)*.

By the Karamata theorem (Theorem B.1.5, page 363 in [de Haan and Ferreira, 2006])),

a
2—a

Lim [MZP(JIH|| > M)]™'E (11T, EDIPL (I T (DIl < My ) ) = 5——Cy..

By (2.3)), it follows that as n — oo,

[ I Tr, (EDII?

FIE 1(/|H]] >Mn)j| ~ P(|IH]| >Mn)f 1T, ()0 (ds).
b

That (2.11) holds and the fact that o is a finite measure implies that
lim J I Ts, ($)II*o(ds) = 0.
k—o0 o

Thus, in view of the assumption that EL? < oo, it follows that

lim lim sup[M2P(||H|| > M,)]"E|| Ty, (X,,)II* = 0, (2.13)

k—00 n—oo
which in turn implies that

lim limsup[M2P(||H|| > M) E||T; (Y,)II> = 0. (2.14)

k—00 poco

Coming to the proof, in view of the criterion for relative compactness discussed in [[Ledoux and Talagrand, 1991]]
(page 40-41), it suffices to show that given € > 0, there is a finite dimensional subspace F with

limsup P [||T¢(Z,)|| > €] <e. (2.15)

n—o00
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Let €1, €y,... be an i.i.d. sequence of Rademacher random variables, independent of (Xn,X:l, n>
1), and let E, denote the conditional expectation given {Y,;}. It suffices to show that for all n > 0,

n

ZSjTFk(Ynj)

lim limsup P |:

k—00 n—oo

=1
=1
and that there is a numerical constant C > 0 so that for every 6 > 0,
n
limsuplimsupP | E, ZngFk(Ynj) >B,C6| <6, 2.17)
k—o00 n—oo -
j=1

whenever {F,} is an increasing sequence of finite-dimensional subspaces satisfying (2.11]).
To establish (2.16)), it suffices to check that

n

ZEjTFk(unj)

Jj=1

lim limsup P {

k—o0 pooo

n

ZSjTFk(unj)

j=1

—E

&€

>Bnn} =0 (2.18)
where

uy; = Yo 1 (11,511 < BB,) ,
B > 0 is to be specified later. This is because for n large enough,

n
> 1 (1,1 > BB,)
j=1

nB'E [V 11 Y|l > BB,)]

) p
WB-E [(uxnlu #0011l > S,

+1 (0> gB)}]

-1
B;'E

IA

IA

= 2nB'E [(Mn +L)1(J|H|| > M,)1 (L > an — Mn)]
1 B
+2nB_"P(||H|| > M,)P | L > EB” —M, | E||X,]|

=: Ql + QZ .
Clearly,

-2
Q. < 2nB,'P(|H| > Mn)E(Lz){Mn (EBH - Mn)

- 2
-1
+ (an—Mn) }
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as n — 0o. There is C € (0, ) so that

-2
Q < annlp(||H||>Mn)(§Bn—Mn) EL?) {EIX,q P}

~  CnB*M,P(IH] > M)

- 0,

the equivalence in the second line following from Karamata’s theorem. This shows that

n
ZlYnjl (1%l > 6B,,)

and hence, showing (2.18) suffices for (2.16)). Let

N 1/2
Onr = B,Il sup [ZfZ(TF(unj)):| .

fe®B/FYIfIIsT | =1

lim B, 'E
n—oo

=0,

By Theorem 4.7 in [Ledoux and Talagrand, 1991]] on concentration of
Rademacher processes, with the median replaced by the expected value, as in page 292 of the
same reference, it follows that

4

Thus all that needs to be shown is that given any & > 0, there is a choice of # depending only on
0, so that

n

ZEjTF(Unj)

Jj=1

n

ZSjTF(unj)

Jj=1

_Eg

10,
>Bn’f] < FEO-H,F'

. . 2
lim sup lim sup Eopp = 0.
k—o0 n—o0o

Using Lemma 6.6 (page 154) in [Ledoux and Talagrand, 1991]], it follows that for any n, F,

n

D gl

j=1

Eop,<nB,* sup  Ef*(Tp(uy))+8B, E
fFe®/FY I I<1

Clearly,
nB,* sup  Ef*(Tg(un)) < [MP(IH| > M)] 7 E(I T, (Y,0)l1%)
fe(B/FYlIflIs1
which can be made as small as needed by (2.14). For the other part, note that by the contraction
principle (Theorem 4.4 in [Ledoux and Talagrand, 1991])),

n n
B 2E| > tugllugll| < BBE|D u,
j=1 j=1
n
< BB'E|DY,
=1

BE|IZ,ll-

Thus, choosing 8 smaller than 6/(16sup, s, El|Z,|]) (which is positive because of (2.10) ) does
the trick.
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For the proof of (2.17) we shall show that there is an universal constant C > 0 so that whenever
F is a subspace satisfying

B n
liminfP | E, zllszF(Ynj) 523,15} >0, (2.19)
L M=
it follows that ~
limsupP | E, ZejTF(Ynj) >CB,15:| <6. (2.20)
n—oo B ]=1

The reason that this suffices is the following. Fix 6 > 0 and a sequence of increasing finite-
dimensional subspaces {F;} satisfying (2.11]). Note that for all n,k > 1,

P |:B;1E€ D e T (V) >25}
j=1
< Pzl >8)
n n
+P|: D e Te (V)| = Ee||D 65 Te, (%)) >Bn6} :
j=1 j=1
By (2.16) and (2.9), it follows that
n
liminflim inf P [E D 6T (Y)) 523,15} >0.
—00 h—00 =

By (2.20), (2.17) follows.
The proof of (2.20) uses an isoperimetric inequality; see Theorem 1.4 (page 26) in [Ledoux and Talagrand, 1991].
Let

n

ZEjTF(Ynj)

j=1

n—oo

0 :=liminfP |:E£

<2B,6 } >0.
In light of the isoperimetric inequality, by similar arguments as in page 291 of [Ledoux and Talagrand, 1991],

it follows that for k,q > 1,

n

ZEjTF(Ynj)

j=1

log(1/60) 1\1* 5
< [K (M+—H +P [B_lmaxllYnjH > —} ,
k q n j<n k

where K is the universal constant in the isoperimetric inequality. Choose ¢ = 2K and k to be large
enough (depending only on 6) so that

log(1/6) 1\1* &
(5] =

o
lim P [Bnll?jlrf(”Ynj” > —] =0. (2.21)

limsup P [Ee

n—o00

> (29 + 1)Bn5}

All that remains to be shown is

n—oo k
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Note that
< ) X .
I?SanXIIYnJII < r?gIIXnJII +r§15a3(||XnJII

and that
max || X, :|| <M, +maxL;
i<n ” n]” — ¥n i<n j

Since EL? < oo, {n~1/2 max;<, L;} is a tight family. This shows and thus establishes
with C = 4q + 1 and hence completes the proof of the direct part.
The converse is straightforward. For 1., note that if holds, by the continuous mapping
theorem,

lim P(B.'[IS, —ES,[|<e)=y({x €B: x| <e}),

the right hand side being positive because in a separable Banach space a centered Gaussian law
puts positive mass on any ball with positive radius centered at origin, see the discussion on
page 60-61 in [Ledoux and Talagrand, 1991]]. For proving 2. we shall appeal to Theorem 4.2
in [|[de Acosta and Giné, 1979]. All that needs to be shown is

lim limsupnE [|I€,11(IE /1 > )] =0, (2.22)
—X  pooo
where
gn = Un - E(Un)
and U, is as defined in (2.7)). Note that

E|U,l < B;'[M,+P(|H|>M,)(M,+EL)]

— 0.
Fix t > 0. For n large enough so that ||[E(U,,)|| < t/2, it follows that

nE [I€,111(I1E,M > )]
nE [I€,111(I1U,[l > ¢/2)]
nE [IUI1(IUL Il > £/2)] +nP(U,]l > ¢/2)E(U, |l -

INIA

By (2.8)), the first term goes to zero. For the second term, notice that for n large enough,

t
a0, > ¢/DENVI < nPQil > M)P (L > 28, = M, ) EIU,
= 0(nP(IH|I > M,)B.?)
= o(1).
This shows (2.22)) and hence completes the proof. O

Recall that a Banach space B is said to by of type 2 if there is C < oo so that for all N > 1 and zero
mean independent B-valued random variables X, ..., Xy,

2 N
<C Y ElX|.
j=1

Banach spaces of type 2 are nice in the sense that every random variable X taking values there
with E||X||?> < oo satisfies the Central Limit Theorem. In fact these are the only spaces where

n

2%

j=1

E




Truncated heavy tails

355

this is true. This is the statement of Theorem 10.5 (page 281) in [Ledoux and Talagrand, 1991]).
We would like to mention at this point that while the assumption of type 2 is a rather restrictive
one, this is a fairly large class. For example, every Hilbert space and L, spaces for 2 < p < oo
are Banach spaces of type 2. We show in the following result that can be extended to these
spaces.

Theorem 2.2. If B is of type 2 and the model with power law tails (1.2) is in the hard truncation
regime, then there is a Gaussian measure y on B such that

B,Tl(sn - ESn) =y
The characteristic function of y is given by (2.5).

Proof. In view of Lemma [2.1| and using similar arguments as in the proof of Theorem [2.1} it
suffices to prove that {£(Z,)} is relatively compact where the definition of Z, (and Y,,;) is exactly
the same as in the proof of the latter theorem. Choose a sequence {F;} of finite dimensional
subspaces satisfying (2.11)). Since B is of type 2, so is B/F for any closed subspace F, with the
type 2 constant not larger than that of B. Thus, there is C € [0, 00) so that

E|ITs (ZDIP < CIMZ?P(IHI > M )] E| Ty, (Yl

Using li it follows that limy_,., limsup, ., E[| Ty, (Z,)I*> = 0 which shows (2.I5) and thus
completes the proof. O

3 Examples

In this section, we construct a couple of examples. In Example 1, the hypotheses of Theorem [2.1]
can be verified. This helps to conclude that the result has some practical value. In Example 2,
(2.4) does not hold, and hence there is a need for a result like Theorem [2.1 or Theorem

Example 1.

Let {Tj : j,k = 1} be i.i.d. R-valued symmetric a-stable (SaS) random variables with 0 < a <2,
i.e., have the following characteristic function:

E[eXpleTu] = e_lela .

For all j > 1, define the RN-valued random variable H ;as

00
H] = Zaijkek,
k=1

where (a;) is a sequence of non-negative numbers satisfying

o0

Za?/2<oo, 3.1

=1
and e, is the element of R defined by

1, k=n

ex(n) ={ 0, otherwise. (3.2)
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Recall that P(|T;;| > x) = O(x~*); see Property 1.2.15, page 16 in [[Samorodnitsky and Taqqu, 1994].
This ensures that H,,H,, ... are i.i.d. random variables taking values in c,, the space of sequences
limiting to zero, endowed with the sup norm. For that purpose, assuming that Z 1 a < 0o would
have been sufficient. However, we shall need (3.1I)) for other reasons. It is 1mrned1ate that H;, and
hence each H;, is a ¢, valued symmetric a-stable random variable. This, in particular, means that
asn — 0o,

n
n_l/aZHj :>H1. (3.3)
j=1
It is a well-known fact in finite dimensional spaces that the above implies

P(||H|| > x) ~Cx¢ B4

as x — oo for some C € (0, 00). However, since we could not find a reference for this on Banach
spaces, we briefly sketch the argument for the sake of completeness. By Theorem 6.18, page 150 in
Araujo and Giné, 1980] it follows that there is a measure u on B\ {0} satisfying u(cD) = ¢~ *u(D)
for all c >0 and D C B\ {0}, such that,

lim nP (n Vep, eA) u(A) (3.5)
n—oo

for all A C B that is bounded away from the origin and u(dA) = 0. It is also known that for all
6>0,0<u({xeB:|x]| =} < oo. Set

A:={xeB:|x| >1}.

Clearly, u(2A) = 0. Using with this A implies that

C := lim,_ nP(||H;|| > n'/%) exists, and is finite and positive. Let (x;) be any sequence of
positive numbers going to infinity. Set n; := |x}*]. Observe that xP(||[H;|| > x;) is sandwiched
between n P(||H, || > (n, +1)Y*) and (n; 4+ 1)P(||H, || > nl/a) and that both the bounds converge
to C. Thus, follows. The letter C will be used to denote various such constants with possibly
different definition throughout this section.

Let (M,,) be a sequence such that 1 < M, < n'/®. Then, the truncation of H ; at level M, with
L=0is

M,).

Xy =
" I|H [

As before, define the row sum by
n
Sn = ZXHJ .
j=1

We shall show that for this set up, the hypotheses of Theorem can be verified by purely ele-
mentary methods; the only sophisticated result that will be used is the contraction principle for
finite dimensional spaces. All that needs to be shown is

limian(B;1||Sn|| <e)>0foralle >0, (3.6)
and
supB_'E||S,|l < oo (3.7
n>1
where

B, := nl/ZM;—a/Z )
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Note that in view of (3.4), this definition of B,, differs from that in the statement of Theorem
by only a constant multiple in the limit.
The following is a sketch of how we plan to show (3.6). Define for K > 0,

n K
M,
s = TS e Ty {1(||Hj||5Mn)+ - 1(||Hjll>Mn>} ,
o IH; |l
n [o¢] M
sK2 = Z Z axex T {1(||Hj||sMn)+ H“ 1(|IHj|I>Mn)} :
j=1 k=K+1 I j”

We shall show that for all € > 0,

suplimsup P (B;1||Sf’1|| > e) <1, (3.8)

K>1 n—oo
and that

Jim illei)BglEHSf’z” =0. 3.9
The reason that and suffice for is the following. Fix € > 0. Note that

Sy =St +852,
and hence it follows that
P(B IS4l > €) < P(B,MIIS;HI > €/2) + P(B, ISyl > €/2).
Define
5 :=1—suplimsupP (B;lllsf’lll > 6/2) ,

K>1 n—oo

which by (3.8) is positive. Using (3.9), choose K to be large enough so that,
€d
supB'E|IS?) < —.
n>1 2

Clearly, with this choice of K,

limsup P (B;lllsf’lll > 6/2) <1-5,

n—oo

and by the Markov inequality,
limsup P (B, '[ISK?|| > €/2) < 5.
n—oo

This shows (3.6)).
For n,K > 1, define

n K
UH,K =

M
arer Tk [l(ak|Tjk| <M,)+ —Tnl(ak|Tjk| >M,)| -
=1 k=1 g el

We start with showing that S is stochastically bounded by U, , i.e., for all x >0,

P [IIS5Y > x] < 2P Ukl > x] . (3.10)



358 Electronic Communications in Probability

To that end, let (¢j, : j,k = 1) be a family of i.i.d. Rademacher random variables, independent of
the family (T} : j,k = 1). Let P, denote the conditional probability given (Tj; : j,k = 1). Note
that

P [IISEH) > x]
n K M
I arer€jicl Tirel § 1 H; || < M, I, > M,) H
j=1 k=1
>x}
n K M
ZZ keI Ty { 101 < M)+ A0 > M)
— = IH;l

>x]

Since the function x — 1(x < M)+ (M/x)1(x > M) is monotone non-increasing for x > 0, it
follows that

M,
Tyl § 1UIH I < M) +

L > )}

< |1 |{1(ak| ikl < M)+ ——— 1T k|>M)} (3.1D)

M,
ar| Tl
Using Theorem 4.4, page 95 in [[Ledoux and Talagrand, 1991]], it follows that

n_ K M
Pe{ axexese| Tyl {1(||Hj|| <M+ 5 Mn)}H
j=1 k=1
-]
n K
= 2P, [ Zzakekgjlejkl{l(ak|Tjk| <M,)
=1 k=

M,
+ |T |l(akl il > M) H>x}

This shows (3.10). By the result in one dimension (Theorem for example), it follows that for
allk>1,

n

B> Jk[l(au W M)+ ——

——— 1| Tj| > Mn)i| = N(0,afc?)
=

ITI

as n — 00, where o > 0 is independent of k. Thus, it follows that

lim P (B, 1Unicll > €/2) 1- 1K P(IG| < a;“%¢/2)

IA

1- 12, P(IG] < a;“%e/2),
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where G is a normal random variable with mean zero and variance o2. Thus, (3.8) will follows if
the following is shown: for all n > 0,

e, P(IG| < a;**n) > 0.
Clearly, it suffices to show that

o0
D P(IG] > ¢, ) < o0,
k=1

which immediately follows from the Markov inequality along with (3.1I)). Thus, (3.8) follows.
For showing (3.9), note that for alln > 1 and K > 0,

B 'E|ISK2l
(o] n M
< D BB Y a1 I < M)+ ”H"”1(||Hj||>Mn)}
k=K+1 j=1 J
[e ] n M 2
1/2| p-1 _ . n .
< k_Z E {Bn Zaﬂ,k{ltquuSMH>+—“HA”1(||HJ||>Mn)}}
=K+1 j=1 J
o0
= Z B;1n1/2E1/2 {ak|T1k|{l(||H1|| <M,)
k=K+1
> ) |
>
llH, [l ! "
o0
< > B PEY? {akIleI{l(alelkISMn) (3.12)
k=K+1
M, 2
+———1(ay| Tyi| > Mn)}
ape| Trgl
[o.0]
< c >y q (3.13)

k=K+1

for some C < oo independent of n and K, where (3.11) has been used for (3.12), and (3.13)
follows by Karamata Theorem, the estimation being similar to that leading to (2.13). This, in view

of (3.1), shows (3.9). Thus, (3.6) follows. Also, using ([3.13) for K = 0, (3.7) follows. Thus, the
hypotheses of Theorem [2.1] are satisfied.

Example 2

Fix 1 < p < 2. We first construct a bounded symmetric random variable X taking values in ¢,
(the space of sequences limiting to zero, equipped with the sup norm) so that n~1/? Z:‘zlxi does
not converge to zero in probability, where X;,X,,... are i.i.d. copies of X. Let (¢; : j > 1) be a
sequence of i.i.d. Rademacher random variables. We shall use the fact that there exists K € (0, 00)

so that
P (Z g > t) > exp (—Ktz/n) (3.14)

i=1
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for all n > 1 and t > 0 such that n'/2K < t < K~ 'n. This follows from (4.2) on page 90 in
[Ledoux and Talagrand, 1991]]. Define

[0 9)
X = E a;eje;,
j=1

where
a;:=K{log(jv2)}'" P2 j>1,

K is the constant in (3.14) and e; is as defined in (3.2). Clearly, X is a ¢, valued symmetric
bounded random variable. Let X;,X,,... denote i.i.d. copies of X. Note that forn > 1,

n n
p (nl/P ZX,{H > 1) = 1- H]‘?‘;IP OZ &l < nl/paj1> .
k=1 k=1

Thus, for proving that n~1/? ZZ:1X « does not converge to zero in probability, it suffices to show
that

n
limsup 12, P ( Zsk < nl/Pajl) <1. (3.15)

n—oo k=1

To that aim, define
l,:= Lexp (nZ/P)J ,n>1,

n
ln 1/p -1
szlP( gl =n'fa;
k=1

and note that

=
T8
v}
~ N\
M-
o
2
A
:,_.
=
Q
N,
IA

n ln
=7 ( I /) |
k=1 !
Note that
nl/pal—nl — K—lnl/p(logln)—(l—p)/Z
< K !'a.
Also, it is easy to see that as n — 00,
logl,, ~ n?/p . (3.16)

Thus, n'/Pa; ! > n'/2. For n large enough, an appeal to ([3.14) shows that

n
P ( ZEk < nl/pal_l) < l-exp (—an/p_lal_z) )
k=1

Using (3.16), it follows that

nz/p_lal_n2 =o(logl,).
Thus, for n large enough it holds that

an/P_lal_n2 <logl,,
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and hence for such a n,
1
exp (—an/Pflafz) > T
n

What we have shown can be summed up as that for n large enough,

n 1 L,
[e] 1/p -1 -
Hj1P(25k <n a; )5(1 ln) .

k=1

Thus, (3.15) follows.
Fix x € B\ {0} and define

Y :=X1(U=0)+xS1(U=1) (3.17)

where S is a R-valued (symmetric) Cauchy random variable and U is a Bernoulli(1/2) random
variable such that X,S,U are all independent. We start with showing that Y is in the domain of
attraction of an 1-stable law on B. Let ((X;,S;,U;) : i > 1) denote i.i.d. copies of (X,S,U). Since X
has zero mean, by Theorem 9.21 in [[Ledoux and Talagrand, 1991]], it follows that

n_lzn:Xi 0.

i=1

We shall show by an application of the contraction principle (Theorem 4.4 in [Ledoux and Talagrand, 1991]])
that

n1 > x1(U; =0) 0. (3.18)
i=1

Let (g : j > 1) be a sequence of i.i.d. Rademacher random variables independent of ((X;,S;, U;) :
i > 1). Let P, denote the conditional probability given ((X;,S;,U;) : i = 1). Thus for all u > 0,

n n
P (Hzl:Xil(Ui = O)H > u) = EP, (HZ X, 1(U, = O)H > u)
i= i=
n
2EP, (HZ X, ‘ > u)
i=1
n
2P (HZXI >u) ,
i=1

the inequality following by the contraction principle. This shows (3.18). By Theorem 3 on page
580 in [[Feller, 1971]], it follows that

IA

n
nt ZSil(Ui =1)=2Z
i=1
for some Cauchy random variable Z. Thus, it is immediate that

n
Y Y, =xZ, (3.19)
i=1

where Y;,Y,,... denote i.i.d. copies of Y.
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For a positive number M,

Y,
Yo =YL (Il = My) + My (1Yl > Mo )
1

is the truncation of Y; to the ball of radius M,,, as defined in (1.2]) with L identically equal to zero.

Let .
Spi= ) Yy
i=1

We will show n~/PS, does not converge to 0 in probability whenever M, — oco. By arguments
similar to those leading to (3.18)), it follows that for u > 0,

p(\

Note that since X is bounded and M,, goes to infinity, for n large enough,

n
ZYil(IIYiIISMn) >u) < 2P(|IS,ll >w).
i=1

YI(|[Y| £M,)=X1(U =0)+xS1(U = 1)1(|S| < M, /||x]).
Observing that if (&;, €,) are i.i.d. Rademacher random variables independent of (X, S, U), then

X1(U =0)+xS1(U = 1)1(IS| = M, /lIxI])

d
=&, X1(U = 0) + x&,|S|1(U = DI(IS| < M, /lIxID),

exactly same arguments as before will show that for n large enough and u > 0,

P (IS0 o) <2 [z =)
i=1 i=1

The above can be summarized as that there exists N < oo so that

(

> xaw =0 > u) < 4(P(IS, | > )
i=1

foralln> N and u > 0.
Denote

N, :=n—2n:Ui,
i=1

and the conditional probability given U;, U,, ... by P;. Note that

i=1
p( .

zn:Xil(Ul- - O)H >uN, > n/B)
=1
E {pU (‘ ix” > u) 10N, > n/S)] .
i=1

A%
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Another application of the contraction principle shows that on the set {N,, > n/3},

N, 1 [n/3] 1 [n/3]
w([8-2) =2 (1) -2 (1)
i=1 i=1 i=1

Thus, it follows that

d

All the above calculations put together shows

[n/3]
P ( > x> u) =0 (P(lIS,ll > w)
i=1

uniformly in u. Since n~/? Z?lei does not converge to zero in probability, it follows that n=*/?S,
does not converge to 0 in probability either.

The above calculations can be used to construct an example where does not hold, in the
following way. Fix 1 < p < 2 and a sequence (M, ) satisfying 1 < M, < n?P~1. Define Y by
([3.17). The argument that leads to from (3.3)), applied to Y helps us conclude from
that P(||Y|| > x) ~ Cx~! as x — oo, for some C € (0,00). Since 2/p — 1 < 1, it follows that
M, < n, which is a restatement of

[n/3]

Z:Xil(Ui =0)” > u) > %P ( Z

i=1

XIH > u) P(N, >n/3).

lim nP(||Y|| > M,,) = c0.
n—.oo

Thus, the assumption of hard truncation is satisfied. Set L = 0, Y,; to be the truncation of Y; at
level M,, S, to be the row sum of the triangular array {Y,; : 1 <i < n} and

1/2
B, := [nMZP(|[Y]>M,)] .

Thus,
Bi =0(nM,)=o0 (nz/p) .

This shows that B, 15, does not converge weakly, for otherwise, n='/?S, would converge to zero
in probability. Thus, does not hold.

This is an example where the claim of Theorem does not hold. The space ¢, is not of
Rademacher type p for all p > 1. Hence it was possible to construct a zero mean random variable
with finite p-th moment, that does not satisfy the law of large numbers with rate n'/?.
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